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Abstract 
As the Indian economy grows digitally and becomes more financially inclusive, more and more 
investors have started to invest in the Indian capital markets. The number of retail and institutional 
folios with Indian mutual fund schemes have continued to rise for the 74th consecutive month. This 
study, considers 139 mutual fund schemes (98 equity schemes) and aims to ascertain the various 
metrics and parameters, retail and institutional investors continue to rely on to make investment 
recommendations. We compare these with the results from a data envelopment analysis model that 
generates an efficiency frontier based on an optimal risk, cost and return trade-off. We further put 
forth an iteration of the DEA model, not only considering risk, cost and return characteristics but also 
incorporating metrics such as the information ratio which hold significance for retail and institutional 
investors. We compare these results with traditional metrics and fund rankings published by 
established industry rating agencies.  
Keywords: Data envelopment analysis, mutual funds, information ratio 
 
Section1: Introduction 
The Indian mutual fund industry is one of the fastest growing and competitive segments of the 
financial sector. The AUM for the Indian MF industry has grown 4-fold between 2010 and 2020 from 
Rs. 6.3 trillion to Rs. 25.49 trillion. The number of folios of retail and institutionalized investors rise 
every day as the Indian financial market becomes more digitally connected and financially inclusive. 
With these rapid changes in the Indian financial landscape, there is a growing need to ascertain the 
factors at play when coming up with investment recommendations. It is also worthwhile to understand 
how retail investors make investment decisions and how we can develop a more comprehensive and 
holistic framework to compare Indian mutual funds with each other to generate smarter investment 
recommendations.  
Sharpe (1966) put forth a metric that has gained some prominence when evaluating mutual fund 
performances, the Sharpe ratio which measures the reward-risk trade-off for a mutual fund scheme. 
Ideally a fund with a high Sharpe ratio is expected to generate higher return per unit and thus funds 
with higher Sharpe ratios are deemed better than funds with lower Sharpe ratios. This gave rise to a 
number of traditional metrics being used in the industry by both retail and institutional investors 
compare funds and make investment recommendations. In section 3, we discuss these traditional 
metrics and their drawbacks in depth. Over the past few years, investors have started to rely on not 
only these traditional metrics but also investment recommendations made by established rating 
agencies in the industry. These rating agencies consider a number of factors to quantify the efficiency 
of a fund and allot a previously decided weight to each of these factors for each fund to come to a 
final ranking of funds. However, these metrics themselves do not consider a number of factors such as 
the cost associated with investment as well as the changes in peer group constituents.  
In order to overcome these drawbacks, researchers in recent times have relied on a more statistical 
methodology of benchmarking mutual fund performances. An approach that can take into account the 
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trade-off between multiple desirable (return) and undesirable factors (risk and cost). One such 
methodology is the data envelopment analysis model.  
Charnes, Cooper and Rhodes (1978) initially proposed an optimization model called data 
envelopment analysis (DEA) to benchmark the efficiency of public sector activities and non-profits 
against one another to provide a much better framework of relative efficiencies. DEA is inherently a 
fractional LPP that is converted into an equivalent LPP to solve for the efficiency measures. Apart 
from its initially purpose (non-profits and public sector activities), multiple for-profit organizations 
have utilized the DEA methodology to tabulate efficiencies of various decision-making units (See 
Seiford (1966)) 
This paper aims at examining the use of the DEA methodology in order to create a wholesome mutual 
fund benchmarking index that takes into account multiple input and output factors to calculate the 
relative efficiencies of each mutual fund (henceforth DMU). Unlike traditional mutual fund 
performance parameters such as the Sharpe ratio, Treynor’s measure, information ratio, Jensen’s 
alpha, etc, we also consider factors such as investment costs, management fees, redemption costs 
(depicted by proxies such as expense ratio and exit load) in addition to risk measures (beta, standard 
deviation, downside probability and VaR as a % of corpus) to provide a more comprehensive and 
detailed efficiency score.  
Further, the DEA model presents decision making units as points on or around an efficiency frontier 
(with efficient units lying on the frontier). As a result, we can utilize the DEA model to calculate the 
virtual efficiency point for each inefficient DMU giving more insights into the relative performance of 
each fund as compared to conventional MF ratios.  
 
Section 2: The data envelopment analysis approach explained 
Originally, Charnes, Cooper and Rhodes (1978) introduced a measure of efficiency, defined as the 
ratio of weighted output to weighted inputs. The concept of weighted sums was introduced to 
compress the multiple input-output scenario into a single virtual input-virtual output scenario. This 
proves to be incredibly useful in benchmarking mutual fund returns as comparing individual metrics 
defining risk, cost and return for a large number of funds is cumbersome. By standardizing the 
combination of different factors into one factor, that can be used to give an output within a specified 
range increases our ability to benchmark relative fund performance and generate investment 
recommendations. The efficiency score is defined as the ratio between the virtual output and the 
virtual input. The higher the efficiency score, the more efficient a decision-making unit is.  
One key determinant of this model is the selection of the weights. Since this was essentially an 
optimization problem, setting the weights objectively beforehand didn’t make sense. Since the DEA 
model was postulated to measure a trade-off between risk and return characteristics, each risk return 
combination should be compared to the remaining risk return combinations in the peer set and then 
standardize the return/risk ratio to a scale of 0 to 1 for each decision making unit by allotting certain 
weights to each return and risk characteristic.  
CCR stated that the efficiency measure is to be calculated by assigning the most favourable weight to 
each DMU. This implies, that the weights would necessarily not be the same for different DMUs. 
Thus, the selection of the most favourable weights was done in the following way. Each decision-
making unit had the most optimal combination of weights to maximize its efficiency as long as the 
efficiency of other DMUs in the peer set, computed using the same weighs remained between 0 and 1. 
Thus, funds with efficiency scores of 1 were considered the most efficient DMUs.  
DEA efficiency measure for the decision-making unit 𝑗0 = 1,2, … . 𝑛 is computed by solving the 
following fractional linear programming model: 
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Subject to: 
 
The above ratio has infinite number of optimal solutions. Charnes and Cooper (1962) proposes to 
select a representative solution from each equivalence class. The representative solution that is usually 
chosen in DEA modelling is that for which ∑ 𝑣𝑖𝑥𝑖𝑗0
𝑚
𝑖=1 = 1 in the input-oriented forms and that with 
∑ 𝑢𝑟𝑦𝑖𝑗0
𝑡
𝑟=1 = 1 in the output-oriented models. This is how we can convert the fractional LPP into an 
equivalent LPP to generate the CCR model which generate CRS results (constant returns to scale).  
However, a convexity constraint can be appended to the above model that’ll make the model 
correspond to the BCC formulation of DEA which generates VRS (variable returns to scale). CRS 
reflects the fact that output will change by the same proportion as inputs are changed (e.g. a doubling 
of all inputs will double output); VRS reflects the fact that production technology may exhibit 
increasing, constant and decreasing returns to scale. In this study, since input and output variables are 
not that directly correlated, we can consider using the VRS model.  
Section 3: Traditional metrics for computing mutual fund performances 
Both retail and institutional investors frequently rely on traditional metrics to judge fund performance 
and generate investment recommendations. These metrics are almost always static in nature i.e they 
are intrinsic to a particular fund. The values of these metrics are not dynamic, in the sense, that they 
do not vary when the set of funds, a particular fund is being compared with, changes. Thus, they do 
not provide us with enough information to infer relative fund performances. Certain metrics, which 
are commonly relied upon by investors have been proposed in literature and are discussed in this 
section.  
Starting with the most preliminary measures of fund performance, Beta. This simply is a measure of 
systematic risk. It is a measure of the fund’s volatility compared with its benchmark. Similarly, the 
Jensen’s alpha measures the average return of the portfolio measured over and above that was 
predicted by CAPM given the portfolio’s beta and the average market return.  
One of the most used performance indicators is the reward to variability ratio, usually referred to as 
the Sharpe Ratio, proposed by Sharpe (1966). This is the ratio of the average portfolio excess return 
over a sample period to the standard deviation of returns over that period. It measures the reward to 
total volatility trade-off: 
𝑆𝑅𝑃 =
𝑟𝑝 − 𝑟𝑓
𝜎𝑝
 
 
The Sharpe ratio considers the excess portfolio return over the risk-free rate per unit of risk, here 
measured by the standard deviation. However, many investment advisors believe this measure doesn’t 
fully encapsulate the reward to risk trade-off. For one reason, this measure considers reward to be the 
excess return over the risk-free rate. However, for investors desiring a minimum acceptable return 
from a particular investment, the return above the risk-free rate isn’t a suitable measure. Rather, the 
return over and above a minimum acceptable return desired by an investor is a better measure of 
reward. Further, Sharpe ratio considers the standard deviation of return to be the measure of risk 
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borne by an investor. However, in reality the actual measure of risk is the downside movement of the 
value of investment. Thus, using downside deviation, rather than a generic standard deviation value is 
more desirable to optimally measure the risk. This measure of fund performance is known as the 
Sortino ratio. It is the ratio between the excess return over a minimum acceptable return over a time 
period and the downside deviation of these returns over the same time period.  
𝑆𝑜𝑅𝑝 =
𝑟𝑝 − 𝑀𝐴𝑅
𝐷𝐷
 
 
𝐷𝐷 = √
1
𝑛
∑ (𝑟𝑖 − 𝑀𝐴𝑅)2
𝑖:𝑟𝑖<𝑀𝐴𝑅
 
Sortino ratio measures the mutual fund performance against the downside deviation. This ratio is 
similar to Sharpe ratio, except it takes into account a minimum acceptable return rather than the risk-
free rate. 
Multiple other metrics have been considered for evaluation of mutual fund performance over time. 
One of the most commonly used metrics by retail and institutionalized investors is the information 
ratio. The information ratio is considered to be a benefit/cost ratio for an actively managed fund.    
The information ratio (IR) is a measurement of portfolio returns beyond the returns of a benchmark, 
usually an index, compared to the volatility of those returns. The IR is often used as a measure of a 
portfolio manager's level of skill and ability to generate excess returns relative to a benchmark, but it 
also attempts to identify the consistency of the performance by incorporating a tracking error, or 
standard deviation component into the calculation.  
The tracking error identifies the level of consistency in which a portfolio "tracks" the performance of 
an index. A low tracking error means the portfolio is beating the index consistently over time. A high 
tracking error means that the portfolio returns are more volatile over time and not as consistent in 
exceeding the benchmark. 
𝐼𝑅𝑃 =
𝛼𝑝
𝜎(𝜀𝑝)
 
where,  
𝜎(𝜀𝑝) =  √𝜎2(𝑟𝑝) −  𝛽𝑝
2𝜎2(𝑟𝑀) 
 
Other frequently used metrics remain the upside capture ratio and the downside capture ratio. While 
the upside capture ratio is the measure of the performance of the fund relative to its benchmark during 
bull markets, the downside capture ratio measures the fund performance relative to its benchmark 
during a bear market.  
Utility of these conventional mutual fund ratios in decision making:  
These metrics, though conceptually sound and extensive, are difficult to compare and infer from to 
make sound investment decisions. With so many ratios utilizing different methodologies to measure 
the risk return trade off, they surely are not a one stop shop to make investment recommendations. 
Especially when comparing these ratios among 98 different equity mutual funds considered in this 
study. Although, the viability of some of these ratios can be ascertained by comparing statistically 
driven results of decision-making units with their respective mutual fund ratios discussed above.  
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Section 4: Using a statistical framework to measure risk return trade-offs 
In the previous section we discussed about the various traditional frameworks used by both retail and 
institutionalized investors to evaluate the performance of mutual funds. We explain these measures 
to some extent but also comment on their static nature and inability to provide clear and concise 
recommendations when multiple parameters are considered simultaneously, that too for a large 
sample of funds. Thus, this puts forth a need to have a more comprehensive and relative benchmark 
to evaluate the efficiencies and performance of these funds from the perspective of an investor. With 
the large abundance of data points and multiple parameters to be considered, we tend to lean towards 
establishing a statistical framework that is able to provide us with a definite standard of relative fund 
performances, benchmarked against one another.  
Discussing about statistical frameworks, various techniques have been utilized to evaluate the 
performances of mutual funds. These techniques usually refer to a multi-criteria decision-making 
method.  This method acknowledges a trade-off between conflicting objectives such as expected 
return and risk characteristic of a particular mutual fund. One piece of literature elucidating this is 
the promethee (preference ranking organization methods for enrichment evaluation) approach 
applied on the Italian markets by Cardin, Decima and Pianca (1992) 
Our study aims also at optimizing the trade-off between conflicting objectives as well. We wish to 
generate a framework which takes into account desirable objectives such as expected return (to be 
maximized) and undesirable objectives such as the risk and cost associated with an investment (to be 
minimized). Consequently, by allotting weights to each desirable (output factor) and undesirable 
(input factor), generate an efficiency frontier consisting of those funds with an optimal trade off. 
Other funds like outside of the efficiency frontier with a virtual efficiency point on the frontier. Thus, 
we use the multi-criteria decision-making approach in a DEA methodology wherein the weights for 
each of these factors are not fixed in advance but are optimized for each decision-making unit (not 
necessarily the same for all decision-making units). Joro, Korhonen and Wallenius (1998) put forth 
the comparison between the DEA methodology and the multi-criteria decision-making approach 
extensively.  
 
Section 5: Variables   
Now that we have established the functioning and vision of our statistical framework, we now 
discuss the various desirable and undesirable factors in our analogy of the trade-off that shall be 
maximized and minimized respectively.  
In our analysis, we have considered the desirable objective to be the expected portfolio return of each 
decision-making unit that we assign to the output set. Similarly, each undesirable objective (that 
needs to be minimized) has been assigned to the input set. We have considered the input variables to 
be broadly of two types: risk defining and cost defining. Each factor that in some way or the other 
depicts the risk characteristic of the portfolio has been considered as an input factor. Some of these 
factors we consider in various iterations of our analysis are standard deviation, beta, downside 
probability and Value at Risk (as a percentage of corpus).  
The second factor, apart from risk, dictating every investment decision for an investor is the cost 
associated with it, i.e the subscription and redemption cost. In order to account for this, we have 
considered the expense ratio and the exit load of each decision-making unit (mutual fund). These 
factors have also been assigned to the input set of variables.  
In order to achieve a more holistic framework, we have considered various input-output scenarios. 
While the DEA methodology allows us to consider a multiple input – multiple output scenario, we, 
at this point in time have only considered one output: the expected return of portfolio. Each different 
scenario includes an additional input variable depicted above.  
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Incorporating the information ratio 
In addition to the above framework wherein the input factors depict the risk and the cost associated 
with an investment, we also consider another framework depicting a different trade off.  
In the above sections, we have discussed some of the traditional metrics for computing mutual fund 
returns. One of those metrics, the information ratio, is of great significance as it points towards the 
portfolio manager's level of skill and ability to generate excess returns relative to a benchmark, but it 
also attempts to identify the consistency of the performance by incorporating a tracking error. The 
Sharpe Ratio simply tells an investor how much he or she was compensated for taking risks, while 
the Information Ratio tells the investor the rewards the fund manager generated by deviating from 
the benchmark. A high Information Ratio signals a more consistent and better performing fund, 
which will give a more consistent investor experience. This is important as investors come in at 
different points of time. Thus, information ratio, which talks about consistency and not just absolute 
returns gains an advantage over other traditional measures of fund efficiency.  
Thus, given the importance that the information ratio holds in evaluating mutual funds and their 
performance and efficiencies, we also try to incorporate that into our analysis.  
Given that the output factor remains expected portfolio returns, we incorporate the information ratio 
into our input variables. However, as the multi-criteria decision-making process indicates, input 
variables or undesirable objectives need to be minimized while desirable objectives or output 
variables need to be maximized. Thus, incorporating the information ratio as an input factor would 
dictate the model to categorize funds with lower information ratio as more efficient that funds with 
higher information ratio. This is counterproductive. Thus, we need to standardize the value of the 
information ratio for each decision-making unit by subtracting each individual information ratio 
from a larger number (higher than the largest information ratio of the entire sample). Thus, 
minimizing the value of (𝑋 − 𝐼𝑅), where X is the large number and IR is the information ratio, 
would imply the model to identify decision making units with large information ratios (or smaller 
(𝑋 − 𝐼𝑅) values) as more efficient.  
Thus, in addition to the original trade-off between expected return and risk, cost characteristics; we 
also consider the information ratio of funds in addition to their risk characteristic and cost component 
in a trade-off against the expected portfolio return.  
Table 1. Here we define the different input-output variable combinations that we would be 
considering throughout the study. Each of these variables are expected to be a proxy for one of two: 
Risk characteristics of a particular mutual fund or the cost associated with a particular investment 
decision.  
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Section 6: Findings 
We initially started with 386 different mutual fund schemes across various categories and sub-
categories. We consider returns as 2-year 12 month rolling returns for each mutual fund as of 29th 
June 2020 for our analysis. Pursuant to this restriction, we eliminate funds with incorporation after 
June 29 2017. We further consider funds with a minimum corpus of Rs. 500 crores. We also remove 
funds with incomplete data points. This leaves us with a total of 139 mutual fund schemes, 98 of 
which are equity mutual funds belonging to either ELSS, Large Cap, Mid Cap, Multi Cap, Large & 
Mid Cap or small cap.  
Test 1: All Funds: Here we benchmark the performance of all 139 mutual funds in our data set 
relative to one another. We don’t segregate these funds into their categories (equity, debt, hybrid, 
etc) and sub categories (ELSS, Large Cap, etc) at this stage.  
 
Table 2. Efficient funds of the DEA performance index, derived from all 139 mutual funds 
benchmarked against one another, compared with traditional metrics such as Sharpe, Treynor, 
Sortino, Information ratio and Jensen’s alpha. This table only contains the funds efficient in all or 
either one of the scenarios. View results for the entire 139 funds in the appendix 
 
The above table indicates the most efficient funds out of the sample size of 139 funds spread across 
different categories and sub categories. A key point to note is that while traditional metrics might 
indicate the risk-reward trade-off, generating investment recommendations is definitely tiresome 
given that different metrics incorporate different aspects to measure the fund performance. However, 
in the DEA performance index, we have an opportunity to compare different risk, reward metrics at 
the same time using a multiple input-output model. Further, we are also able to incorporate another 
important metric that influences investment decisions: cost. By taking into consideration the expense 
ratio of different funds, alongside their risk characteristics (standard deviation, beta, downside 
probability, VaR) and their expected returns we have a much more holistic performance index.  
In the first 3 scenarios (3 inputs, 4 inputs, 6 inputs), we notice that certain funds having low 
information ratios are identified as efficient (for e.g.: HDFC index fund – NIFTY 50 Plan and HDFC 
Index Fund – Sensex Plan) as compared to funds that do have high information ratio (for e.g.: ICICI 
prudential nifty index fund) but aren’t classified as efficient funds. This can be explained by the fact 
that ICICI prudential nifty index fund, despite having a higher Information ratio has a higher 
downside probability (0.27 vs 0.24) and expense ratio (0.45 vs 0.30) and a lower expected portfolio 
return when compared to HDFC Index Fund – Sensex Plan and Nifty 50 Plan. Thus, the information 
ratio alone cannot be utilized to make investment decisions as it doesn’t consider the impact that 
multiple risk and cost indicators have when benchmarked against return and consequently compared 
with other sets of risk, cost, and return variables of 138 other funds. Thus, the static nature of the 
ratio doesn’t fully encapsulate the trade-off that an investor makes when investing in a mutual fund 
scheme.  
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Test 2: Segmentation and categorization of equity mutual funds  
In this particular iteration, we segment 98 equity mutual funds from the previously considered set of 
139 mutual funds. We further categorized these 98 equity mutual funds into their relevant sub-
categories, namely, ELSS (tax saver schemes), Large Cap, Large & Mid Cap, Multi Cap, Mid Cap 
and Small Cap. We then begin the benchmark the performance of funds within a category with its 
peers. The variables considered in the analysis remain the same as those defined in Table 1. Here, we 
further enhance the scope of our study and incorporate fund rankings allotted by prominent rating 
agency, CRISIL. This proves to be a relevant benchmark to compare the performance of the DEA 
model given how both retail and institutionalized investors depend on CRISIL’s framework to 
dictate/influence investment decisions.  
Table 3.  Results obtained from the DEA model applied on each of the 6 subcategories of equity 
mutual funds. The last column contains the CRISIL rankings for each mutual fund for the month of 
June 2020. The variables considered in different iterations are explained in Table 1. The first column 
corresponds to the different sub-categories of equity mutual funds have been considered. Columns 3 
to 7 contain the value of traditional mutual fund ratios. {Best viewed when zoomed} 
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Table 4. The decision-making units in Table 3 have been colour coded on the basis of certain 
parameter described as follows 
 
Table 3 puts forth the DEA efficiency values for each decision-making unit when compared within 
its sub-category. Table 2 and Table 3 together illustrate one of the key advantages of the DEA 
methodology over traditional metrics, the ability to be dynamic. The values for the traditional 
metrics remained the same in both the tables, however, the efficiency and rank of each decision-
making unit changed when its peer group was changed. In table 2, we compared each DMU with 139 
other DMUs irrespective of the type of mutual fund it was. Equity mutual funds being benchmarked 
against index funds. ELSS funds being compared with large cap funds. The variable for their sub-
category wasn’t controlled for. However, in Table 3, each DMU within a sub-category of equity 
mutual funds is being benchmarked against other DMUs within that same sub-category. Thus, the 
DEA model adapts to changes in peer group, something the traditional metrics do not.  
Looking at the effect of changes in input variable composition on the overall efficiency of each 
DMU, we see that in the first 3 scenarios (3 inputs, 4 inputs, 5 inputs) the addition of standard 
deviation in the 2nd iteration and VaR as a  % of corpus in the 3rd iteration didn’t make a significant 
difference in the efficiency of each decision making unit. Given, how the 1st iteration already had 
beta and downside probability as two risk measures, the addition of standard deviation and VaR 
didn’t make a big difference as they themselves are defining the risk characteristic of a mutual fund 
scheme.  
However, we see that incorporating the information ratio as another input variable, after 
standardizing it, has a significant impact on the efficiency of decision-making units. Table 4 
indicates how as many as 4 new mutual fund schemes were identified as efficient after the 
introduction of the information ratio. Further, 5 schemes, though earlier efficient, were deemed no 
longer efficient under the scenarios involving the information ratio. These are usually funds with 
negative or incredibly low values of information ratio.  
Similarly, funds such as Kotak Small Cap – Reg and Canara Robeco Equity Diversified Fund are 
identified as efficient in the information ratio scenarios considering their relatively high information 
ratios in their respective peer group. Kotak Small Cap – Reg: IR is 2.64, second only to Axis small 
cap; Canara Robeco Equity Diversified Fund: IR is 1.45, second only to Axis Multicap.  
 
Section 7: Comparative analysis with rating agency frameworks 
The last column (column 18) of Table 3 entails the CRISIL ratings for June 2020 for each mutual 
fund scheme under our consideration.  The CRISIL rating framework for equity mutual funds takes 
into account a variety of factors such as mean return and volatility, active return, portfolio 
concentration analysis and liquidity analysis. The CRISIL methodology though doesn’t employ a 
relative benchmarking mechanism, it allots a certain fixed weight to each of the above stated 
Colour Meaning Number of Funds
Efficient funds in all scenarios (3,4,5 Inputs and all IR scenarios) 20
Efficient in IR Scenarios but not in initial 3,4,5 input scenaios 4
Efficient in intial 3,4,5 input scenarios but not in IR scenario (s) 5
Key 
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parameter to arrive at the final rankings. For example, to calculate the mean return, it assigns 
progressive weights (32.5%, 27.5%, 22.5% and 17.5%) to each segmented period (latest 36,27,18 
and 9 months) of the 3-year period of analysis for equity funds (starting with the longest period) 
Similarly, they employ certain arithmetic techniques to calculate exposure in each of the other 
factors. CRISIL ratings are an industry standard to compare mutual fund schemes in India. The DEA 
model relies more on the core fundamentals of risk, cost and return to benchmark fund performances 
relative to one another.  
Table 5. Comparative analysis of DEA model results and CRISIL rankings. The funds have been 
classified by their CRISIL rankings. Column 2 contains the total number of funds corresponding to 
the ranking. Column 2 contains the number of these funds that are identified as efficient by the DEA 
model and Column 3 contains the number of funds identified as inefficient by the DEA model. 
CRISIL 
Rank 
Number of 
Funds Number of efficient funds Number of inefficient funds 
1 10 9 1 
2 18 10 8 
3 31 7 24 
4 24 1 23 
5 12 0 12 
Total 95 27 68 
 
Table 5 evaluates the performance of the DEA benchmarking framework with the CRISIL rating 
framework. Since the CRISIL framework has a limited scope of ranking (between 1 and 5), the 
comparison between the two frameworks becomes tougher. One key observation that we evidently 
notice corresponds to the funds ranked 1 according to CRISIL. We can see that out of 10 funds 
ranked 1, 9 of them have been identified as efficient by the DEA model and 1 fund, Invesco India 
Mid Cap Fund has been identified as inefficient. This can be explained by Invesco India Mid Cap 
Fund’s high expense ratio of 2.35 (among the highest in the peer group), high beta and standard 
deviation (0.83 and 9.21 respectively) and relatively high downside probability (0.53). Thus, despite 
having a high information ratio of 3.02 (second highest in the peer group), it is not efficient in either 
scenario.  
 
Section 8: Conclusion 
In recent times, many initiatives undertaken by the government of India to become more digitally 
connected and financially inclusive have had a profound impact on the development of the Indian 
financial markets. The India mutual fund industry has shown signs of incredible growth in recent 
years. The AUM of the industry have grown from Rs. 6.3 trillion as on June 30, 2010 to Rs. 25.49 
trillion as on June 30 2020, a 4-fold increase in a span of 10 years. As the number of folios rise for 
the 73rd consecutive month, to 9.15 crore accounts {8.04 crore of which falling under equity, hybrid 
and solution-oriented schemes, attracting high investments from the retail segments}, a holistic 
methodology of evaluating mutual fund schemes and generating investment recommendations 
continues to gain eminence. This study aims at generating one such methodology for the Indian 
capital markets, taking into account risk characteristics of funds, costs associated with investment 
and expected return derived from said investment, to benchmark fund efficiencies relative to one 
another. Not only this, we also strive to incorporate an important traditional metric, information 
ratio, into our adaptation of a multi-criteria decision-making model. We consider different input-
output combinations to ascertain the utility of variables used to define parameters in our trade-off. 
Further, we acknowledge how traditional metrics such as Sharpe Ratio, Sortino Ratio, Treynor’s 
Measure and Information Ratio have been of widespread usage both at a retail level and an 
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institutional level, and thus we compare our findings and recommendations with the aforementioned 
ratios. We conclude that despite the ratios having a sound conceptual backing, they lack to provide 
concrete investment recommendations by themselves. Further, these ratios don’t take into account 
the costs associated with the investment under their purview. Thus, when multiple factors need to be 
accounted for in a trade-off, using traditional metrics to make decisions is cumbersome. Further, we 
increase the scope of our study to compare results from our DEA model with the corresponding fund 
rankings given by CRISIL, an industry wide recognized rating agency. We observe that only on one 
1 such occasion, a CRISIL ranked 1 fund hasn’t been considered efficient in either of the iterations 
of the DEA model. This study is an attempt to understand the factors at play when evaluating fund 
performances and generating investment recommendations, and consequently put forth a statistical 
framework to benchmark relative fund efficiencies and compare findings with both established 
research and traditional metrics in the Indian context.   
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Section 10: Annexure 
Table 6. Results in continuation to Table 2. This table contains the efficiency results for all of the 
139 mutual funds when benchmarked against each other. We consider 5 different iterations (3 Inputs, 
4 Inputs, 5 Inputs and two information ratio scenarios). Zoom in to view results.  
 
Decision Making Unit Sharpe Treynor IR Sortino Jenson Rank Efficiency Rank Efficiency Rank Efficiency Rank Efficiency Rank Efficiency
Axis Long Term Equity Fund - Growth 0.2 2.49 0.75 0.49 3.67 13 0.8473 13 0.8473 1 1.0000 13 0.8616 1 1.0000
Axis Midcap Fund - Growth -0.71 -7.69 -1.44 -0.9 -2.35 14 0.8409 14 0.8409 15 0.8794 1 1.0000 1 1.0000
Canara Robeco Equity Diversified Fund - Growth -0.41 -4.55 0.37 -0.6 0.66 22 0.7875 23 0.7875 22 0.8165 16 0.8543 1 1.0000
Canara Robeco Equity Tax Saver Fund - Growth 0.12 1.4 0.62 0.23 2.02 18 0.8127 18 0.8127 7 1.0000 18 0.8442 1 1.0000
Franklin India Feeder - Franklin U.S. Opportunities Fund - Growth 1.24 15.24 1.02 2.34 6.28 1 1.0000 1 1.0000 1 1.0000 1 1.0000 1 1.0000
ICICI Prudential Nifty Index Fund - Reg - Growth -0.05 -0.57 1.65 -0.08 0.43 5 0.9700 5 0.9700 8 0.9700 1 1.0000 1 1.0000
Axis Multicap Fund - Reg - Growth -0.15 -1.62 1.71 -0.27 2.45 12 0.8547 12 0.8547 14 0.8831 11 0.9091 7 1.0000
ICICI Prudential Nifty Next 50 Index Fund - Growth -1.01 -8.91 0.6 -1.28 0.04 10 0.9109 10 0.9109 12 0.9109 4 1.0000 8 1.0000
Parag Parikh Long Term Equity Fund - Reg - Growth -0.66 -7.32 -1.35 -0.87 -3.36 11 0.8670 11 0.8670 13 0.8849 12 0.8975 9 1.0000
SBI Magnum Global Fund - Growth -0.45 -4.78 0.4 -0.93 0.55 25 0.7792 21 0.7977 40 0.7792 17 0.8486 10 1.0000
Axis Bluechip Fund - Growth -0.66 -7.39 -0.43 -0.84 -1.92 6 0.9669 6 0.9669 5 1.0000 8 0.9360 11 1.0000
ICICI Prudential FMCG - Growth 0.08 0.91 -0.49 0.16 -1.48 26 0.7753 29 0.7753 19 0.8335 19 0.8394 12 1.0000
Tata Ethical Fund - Reg - Growth -0.61 -4.82 0.07 -1.1 -0.15 119 0.6438 117 0.6591 123 0.6438 20 0.8348 13 1.0000
HDFC Index Fund-NIFTY 50 Plan -0.01 -0.08 -3.47 -0.01 -0.44 3 1.0000 3 1.0000 4 1.0000 5 1.0000 14 1.0000
JM Large Cap Fund - Growth -0.58 -6.88 1.36 -0.98 5.61 4 1.0000 4 1.0000 6 1.0000 6 1.0000 15 1.0000
HDFC Index Fund - Sensex Plan 0.17 2.03 -6.84 0.28 -0.54 1 1.0000 1 1.0000 1 1.0000 7 1.0000 16 1.0000
UTI MNC Fund - Growth -0.51 -4.94 0.81 -0.9 1.75 57 0.7334 45 0.7544 73 0.7334 15 0.8572 17 0.9785
Aditya Birla Sun Life MNC Fund - Growth -0.43 -4.54 0.39 -0.75 0.77 32 0.7668 24 0.7858 49 0.7668 21 0.8325 18 0.9680
ICICI Prudential Value Discovery Fund - Growth -0.74 -10.41 2.74 -0.93 8.98 7 0.9367 7 0.9367 9 0.9367 9 0.9285 19 0.9285
SBI Nifty Index Fund - Growth -0.04 -0.54 -6.78 -0.07 -0.91 9 0.9114 9 0.9114 11 0.9114 10 0.9219 20 0.9219
UTI Mastershare Unit Scheme - Growth -0.56 -6.7 2.58 -0.95 11.45 27 0.7744 30 0.7744 41 0.7757 23 0.8279 21 0.9219
UTI Equity Fund - Growth -1.05 -12.41 1.69 -1.24 4.73 24 0.7826 27 0.7826 28 0.7933 22 0.8314 22 0.8955
Nippon India Pharma Fund - Growth 0.31 3.48 2.34 0.79 7.44 87 0.7020 88 0.7020 76 0.7301 42 0.7717 23 0.8813
Invesco India Mid Cap Fund - Growth -0.99 -11.1 -0.37 -1.11 -1.53 73 0.7183 61 0.7340 85 0.7194 14 0.8583 24 0.8796
BNP Paribas Large Cap Fund - Growth -0.31 -3.69 0.44 -0.63 1.34 15 0.8289 15 0.8289 17 0.8467 46 0.7632 25 0.8776
Aditya Birla Sun Life India GenNext Fund - Growth -0.03 -0.32 0.66 -0.06 2.58 65 0.7287 72 0.7287 68 0.7379 45 0.7674 26 0.8745
Mirae Asset Emerging Bluechip Fund - Growth -0.51 -8.34 -0.55 -0.87 -4.95 36 0.7635 36 0.7635 53 0.7635 27 0.8081 27 0.8727
Mirae Asset Tax Saver Fund - Reg - Growth -0.04 -0.5 0.65 -0.08 1.66 46 0.7405 55 0.7405 18 0.8348 30 0.8008 28 0.8673
ICICI Prudential Bluechip Fund - Growth -0.19 -2.18 0.24 -0.31 0.25 31 0.7693 32 0.7711 44 0.7693 29 0.8019 29 0.8553
Mirae Asset Great Consumer Fund - Growth -0.06 -0.6 0.47 -0.11 2.43 100 0.6853 104 0.6853 45 0.7688 36 0.7786 30 0.8516
HDFC Hybrid Equity Fund - Growth -0.7 -5.71 -2 -0.95 -8.97 118 0.6479 116 0.6609 100 0.6985 33 0.7941 31 0.8496
Mirae Asset Large Cap Fund - Reg - Growth 0.07 0.8 1.45 0.14 3.5 38 0.7599 40 0.7599 35 0.7832 31 0.8004 32 0.8489
Invesco India Growth Opportunities Fund - Growth -0.97 -10.42 2.04 -1.17 2.32 89 0.6980 93 0.6980 97 0.7015 28 0.8035 33 0.8465
Aditya Birla Sun Life Tax Relief 96 - Growth -0.51 -6.06 -0.67 -0.81 -3.29 20 0.7986 20 0.8032 16 0.8528 38 0.7778 34 0.8458
Kotak Equity Hybrid Fund - Growth -0.3 -2.48 -1.03 -0.57 -5.48 134 0.5946 134 0.5946 108 0.6831 58 0.7512 35 0.8452
Kotak Standard Multicap Fund - Reg - Growth -1.16 -12.94 0.11 -1.33 -0.09 40 0.7566 38 0.7608 32 0.7890 32 0.7956 36 0.8299
UTI Value Opportunities Fund - Growth -0.3 -3.29 0.78 -0.48 1.4 68 0.7254 68 0.7317 50 0.7665 34 0.7910 37 0.8293
UTI Long Term Equity Fund (Tax Saving) - Growth -0.46 -5.33 0.1 -0.75 -0.44 53 0.7353 52 0.7455 23 0.8087 43 0.7705 38 0.8280
Invesco India Tax Plan - Growth -0.18 -2.1 0.02 -0.33 -0.15 81 0.7099 82 0.7115 26 0.8017 53 0.7537 39 0.8238
DSP Midcap Fund - Reg - Growth -0.95 -10.24 -1.61 -1.05 -3.63 19 0.8038 19 0.8038 25 0.8038 26 0.8088 40 0.8175
HDFC Mid-Cap Opportunities Fund - Growth -0.1 -1.14 -0.1 -0.16 -0.24 67 0.7257 50 0.7485 60 0.7485 24 0.8163 41 0.8163
L&T Midcap Fund - Reg - Growth 0.39 4.73 2.07 0.94 7.87 35 0.7640 26 0.7830 36 0.7830 25 0.8163 42 0.8163
Kotak Equity Opportunities Fund - Reg - Growth -0.62 -6.65 1.18 -0.92 4.55 29 0.7706 33 0.7706 42 0.7706 50 0.7592 43 0.8147
SBI Magnum Equity ESG Fund - Growth 0.01 0.11 -0.23 0.02 -0.84 43 0.7507 48 0.7507 31 0.7902 47 0.7631 44 0.8081
Aditya Birla Sun Life Frontline Equity Fund - Reg - Growth -0.42 -4.95 0.15 -0.71 0.28 21 0.7930 22 0.7930 27 0.8014 41 0.7743 45 0.8062
Tata Large & Mid Cap Fund - Reg - Growth -0.82 -14.14 1.03 -0.97 7.15 52 0.7353 58 0.7353 71 0.7353 51 0.7570 46 0.8061
Canara Robeco Emerging Equities - Growth -0.68 -7.95 -0.15 -1.1 -1.42 44 0.7446 41 0.7588 33 0.7854 39 0.7755 47 0.8050
Aditya Birla Sun Life Equity Fund - Growth -0.48 -5.45 0.12 -0.83 -0.17 48 0.7396 47 0.7530 46 0.7685 40 0.7744 48 0.7968
Invesco India Contra Fund - Growth -0.27 -3.13 0.14 -0.47 0.36 64 0.7292 59 0.7348 51 0.7637 44 0.7702 49 0.7911
SBI Bluechip Fund - Growth 0.2 2.39 1.08 0.41 4.25 34 0.7642 35 0.7642 30 0.7904 49 0.7601 50 0.7897
Kotak Bluechip Fund - Reg - Growth -1.12 -12.42 0.82 -1.37 0.36 56 0.7338 62 0.7338 24 0.8063 73 0.7291 51 0.7881
Franklin India Prima Fund - Growth -0.22 -2.81 -0.56 -0.38 -2.54 47 0.7404 43 0.7568 56 0.7568 35 0.7806 52 0.7806
Kotak Tax Saver Fund - Reg - Growth -0.18 -2.13 0.39 -0.32 1.31 92 0.6955 95 0.6973 52 0.7636 66 0.7368 53 0.7787
UTI Mid Cap Fund - Growth -1.71 -23.59 0.48 -1.51 -0.98 30 0.7701 28 0.7825 38 0.7825 37 0.7780 54 0.7780
Franklin India Bluechip - Growth -0.28 -3.53 -0.44 -0.47 -2.27 45 0.7431 44 0.7567 58 0.7502 52 0.7570 55 0.7756
SBI Large & Midcap Fund - Growth -0.78 -8.65 -1.19 -1.01 -3.42 99 0.6862 101 0.6899 77 0.7301 57 0.7515 56 0.7722
Sundaram Rural and Consumption Fund - Reg - Growth -0.79 -9.57 -0.85 -1.12 -4.65 39 0.7595 37 0.7630 39 0.7824 63 0.7423 57 0.7709
HSBC Large Cap Equity Fund - Growth -0.28 -3.69 -1.34 -0.43 -5.57 79 0.7106 83 0.7106 29 0.7924 92 0.7086 58 0.7696
LIC MF Large & Mid Cap Fund - Reg - Growth -0.7 -8.49 -0.71 -1.02 -4.01 96 0.6888 97 0.6937 43 0.7698 80 0.7216 59 0.7691
SBI Long Term Equity Fund - Growth -0.76 -8.65 -1.17 -0.96 -4.28 72 0.7211 66 0.7323 62 0.7451 64 0.7391 60 0.7658
L&T Equity Fund - Reg - Growth -1.14 -13.05 -0.13 -1.44 -2.25 74 0.7181 63 0.7332 64 0.7418 74 0.7290 61 0.7610
Nippon India Growth Fund - Growth -0.36 -4.33 -0.24 -0.49 -0.84 102 0.6836 91 0.7002 101 0.6984 48 0.7604 62 0.7604
Kotak India EQ Contra Fund - Reg - Growth -0.1 -1.15 -0.15 -0.16 -0.25 93 0.6933 98 0.6933 91 0.7089 67 0.7343 63 0.7568
DSP Equity Opportunities Fund - Reg - Growth -0.19 -2.4 0.56 -0.35 2.37 62 0.7296 56 0.7362 69 0.7379 55 0.7522 64 0.7565
SBI Magnum Multi Cap Fund - Growth 0.04 0.46 1.25 0.08 4.83 83 0.7039 84 0.7097 82 0.7226 62 0.7436 65 0.7548
Franklin India Equity Fund - Growth -0.26 -3.18 -0.55 -0.36 -2.53 61 0.7306 49 0.7490 59 0.7490 54 0.7525 66 0.7525
DSP Tax Saver Fund - Growth -0.24 -2.92 0.16 -0.43 0.63 58 0.7327 64 0.7327 66 0.7405 61 0.7454 67 0.7523
ICICI Prudential Long Term Equity Fund (Tax Saving) - Reg - Growth -0.23 -2.53 0.45 -0.33 1.09 95 0.6894 102 0.6894 103 0.6961 59 0.7491 68 0.7520
Kotak Emerging Equity Fund - Reg - Growth -0.56 -6.69 1.03 -0.91 6.39 70 0.7241 71 0.7301 78 0.7301 56 0.7520 69 0.7520
ICICI Prudential Large & Mid Cap Fund - Growth -1.39 -15.13 -0.59 -1.36 -2.12 78 0.7114 75 0.7241 88 0.7154 60 0.7461 70 0.7482
IDFC Multi Cap Fund - Reg - Growth -0.78 -8.68 0.8 -0.99 1.52 55 0.7344 54 0.7435 65 0.7416 69 0.7336 71 0.7418
Motilal Oswal Multicap 35 Fund - Reg - Growth -0.68 -7.45 -1.46 -0.82 -2.52 33 0.7651 34 0.7680 47 0.7680 65 0.7380 72 0.7380
DSP Equity Fund - Reg - Growth -0.16 -1.69 1.79 -0.26 5.15 60 0.7321 67 0.7321 48 0.7677 81 0.7212 73 0.7365
Baroda Multi Cap Fund - Growth -0.85 -9.85 -0.48 -1.22 -2.97 76 0.7140 79 0.7169 67 0.7390 87 0.7154 74 0.7356
SBI Magnum Midcap Fund - Growth -0.32 -3.73 -0.02 -0.52 -0.21 50 0.7367 53 0.7441 63 0.7441 68 0.7341 75 0.7341
Tata Equity P/E Fund - Reg - Growth -0.75 -10.21 -1.85 -1.03 -9.51 16 0.8244 16 0.8244 20 0.8244 79 0.7252 76 0.7333
Principal Emerging Bluechip Fund - Growth -0.66 -7.88 -0.77 -0.96 -3.8 71 0.7222 70 0.7312 79 0.7294 70 0.7322 77 0.7322
Axis Small Cap Fund - Reg - Growth -0.27 -3.47 -0.09 -0.5 -0.93 28 0.7742 31 0.7742 37 0.7829 71 0.7322 78 0.7322
L&T Tax Advantage Fund - Reg - Growth -0.81 -9.58 -1.52 -1.06 -6.41 42 0.7524 42 0.7583 55 0.7583 82 0.7205 79 0.7299
Kotak Small Cap Fund - Reg - Growth -1.27 -15.03 -0.64 -1.39 -4.55 66 0.7269 73 0.7269 80 0.7269 72 0.7294 80 0.7294
Franklin India Smaller Companies Fund - Growth -0.27 -3.04 -1.18 -0.4 -1.96 54 0.7346 60 0.7346 72 0.7346 75 0.7289 81 0.7289
Sundaram Mid Cap Fund - Reg - Growth -1.37 -17.24 0.38 -1.44 -0.1 84 0.7033 77 0.7196 83 0.7196 76 0.7287 82 0.7287
ICICI Prudential Multicap Fund - Growth -0.89 -19.31 -0.77 -1.26 -8.75 104 0.6812 108 0.6812 110 0.6812 77 0.7274 83 0.7274
L&T Large and Midcap Fund - Reg - Growth -0.51 -5.7 -0.28 -0.72 -1.21 80 0.7103 76 0.7205 87 0.7172 78 0.7270 84 0.7270
ICICI Prudential Exports and Services Fund - Growth -0.73 -8.53 -0.92 -1 -4.12 103 0.6834 100 0.6905 84 0.7194 97 0.6994 85 0.7236
Tata Mid Cap Growth Fund - Reg - Growth -0.9 -12.54 2.64 -1.28 8.45 94 0.6932 99 0.6932 96 0.7019 83 0.7192 86 0.7192
Franklin India Taxshield - Growth -0.55 -6.04 -0.71 -0.67 -1.28 108 0.6752 107 0.6825 109 0.6825 84 0.7192 87 0.7192
Quantum Long Term Equity Value Fund - Growth -0.64 -7.74 -1.18 -0.73 -5.63 63 0.7294 69 0.7312 75 0.7312 85 0.7182 88 0.7182
L&T India Value Fund - Reg - Growth -0.9 -10.47 -2.19 -1.07 -7.74 49 0.7375 51 0.7468 61 0.7468 86 0.7164 89 0.7164
DSP Small Cap Fund - Reg - Growth -0.49 -6.03 -1.88 -0.66 -5.32 51 0.7358 57 0.7358 70 0.7358 88 0.7148 90 0.7148
IDFC Core Equity Fund - Reg - Growth -0.78 -13.41 -0.85 -1.2 -8.09 101 0.6840 89 0.7016 95 0.7020 89 0.7138 91 0.7138
Tata India Tax Savings Fund - Reg - Growth -0.3 -4.27 -0.96 -0.5 -5.56 37 0.7605 39 0.7605 54 0.7605 95 0.7020 92 0.7133
Sundaram Large and Mid Cap Fund - Reg - Growth 0.06 0.89 3.16 0.17 19 129 0.6249 130 0.6249 129 0.6339 90 0.7115 93 0.7115
Aditya Birla Sun Life Mid Cap Fund - Plan A - Growth -0.72 -7.84 -0.72 -0.83 -1.61 107 0.6775 96 0.6952 104 0.6952 91 0.7105 94 0.7105
Nippon India Small Cap Fund - Growth -0.76 -9.7 -0.61 -1.2 -4.3 113 0.6665 113 0.6707 116 0.6707 93 0.7081 95 0.7081
Principal Multi Cap Growth Fund - Growth -0.46 -5.38 -0.54 -0.56 -2.24 111 0.6711 105 0.6848 113 0.6785 98 0.6965 96 0.7035
Invesco India Multicap Fund - Growth -0.44 -4.84 3.02 -0.78 6.68 69 0.7251 74 0.7251 81 0.7251 94 0.7031 97 0.7031
HDFC Taxsaver - Growth -0.81 -9.23 -1.96 -0.93 -5.63 97 0.6886 90 0.7014 98 0.7014 96 0.7010 98 0.7010
Tata India Consumer Fund - Reg - Growth -0.38 -3.49 -0.36 -0.78 -0.62 136 0.5777 136 0.5838 134 0.6050 102 0.6905 99 0.6973
HDFC Growth Opportunities Fund - Growth -0.18 -2.3 -0.52 -0.32 -2.21 123 0.6396 124 0.6427 125 0.6399 99 0.6957 100 0.6957
HDFC Top 100 Fund - Growth -0.36 -4.35 -0.63 -0.56 -2.78 110 0.6717 112 0.6717 115 0.6717 100 0.6927 101 0.6927
BNP Paribas Mid Cap Fund - Growth -0.07 -0.86 0.92 -0.14 3.88 8 0.9251 8 0.9251 10 0.9251 101 0.6922 102 0.6922
Aditya Birla Sun Life Equity Advantage Fund - Growth -0.75 -9.06 -0.62 -1.09 -3.58 86 0.7024 86 0.7040 94 0.7040 103 0.6885 103 0.6885
Nippon India Large Cap Fund - Growth -0.33 -3.81 -0.18 -0.46 -0.32 115 0.6552 119 0.6552 119 0.6552 104 0.6878 104 0.6878
DSP Top 100 Equity Fund - Reg - Growth 0.57 7.63 0.96 1.32 5.35 106 0.6808 110 0.6808 112 0.6808 105 0.6874 105 0.6874
Franklin India Equity Advantage Fund - Growth -0.62 -6.97 -2.1 -0.79 -4.23 120 0.6435 118 0.6565 118 0.6565 106 0.6867 106 0.6867
BNP Paribas Multi Cap Fund - Growth -0.93 -11.97 -0.86 -1.14 -6.09 23 0.7840 25 0.7840 34 0.7840 107 0.6823 107 0.6823
L&T Emerging Businesses Fund - Reg - Growth -0.51 -6.46 1.24 -0.85 5.43 75 0.7176 78 0.7176 86 0.7176 108 0.6821 108 0.6821
SBI Small Cap Fund - Growth -1.72 -23.07 0.61 -1.46 -0.54 130 0.6207 131 0.6234 132 0.6234 109 0.6803 109 0.6803
UTI Core Equity Fund - Growth -1.32 -17.17 0.26 -1.28 -0.03 116 0.6549 111 0.6732 114 0.6732 110 0.6798 110 0.6798
SBI Healthcare Opportunities Fund - Growth -0.36 -4.65 -0.08 -0.87 -0.95 85 0.7025 87 0.7025 93 0.7072 113 0.6758 111 0.6796
SBI Contra Fund - Growth -1.26 -14.18 -3.49 -1.25 -9.37 90 0.6979 81 0.7117 90 0.7117 111 0.6782 112 0.6782
ICICI Prudential MidCap Fund - Growth 0.34 3.49 4.8 0.88 12.58 122 0.6422 120 0.6544 120 0.6544 112 0.6764 113 0.6764
Tata Large Cap Fund - Reg - Growth -0.8 -10.51 1.27 -1.1 11.06 112 0.6675 115 0.6675 106 0.6842 120 0.6623 114 0.6761
HDFC Equity Fund - Growth -0.55 -6.84 -0.65 -0.9 -3.44 121 0.6428 123 0.6430 124 0.6430 114 0.6743 115 0.6743
Sundaram Diversified Equity - Reg - Growth -0.77 -8.85 -2.05 -0.96 -6.81 109 0.6748 106 0.6832 107 0.6832 115 0.6705 116 0.6705
Motilal Oswal Long Term Equity Fund - Reg - Growth -0.48 -6.38 -0.3 -0.92 -2.45 82 0.7085 85 0.7085 92 0.7085 116 0.6692 117 0.6692
Edelweiss Mid Cap Fund - Growth 0.01 0.1 0.14 0.02 0.71 17 0.8171 17 0.8171 21 0.8171 117 0.6673 118 0.6673
Motilal Oswal Midcap 30 Fund - Reg - Growth -0.06 -0.82 0.41 -0.15 2.43 126 0.6373 125 0.6399 126 0.6399 118 0.6632 119 0.6632
Aditya Birla Sun Life Small Cap Fund - Growth -0.54 -6.06 -0.22 -0.7 -0.78 105 0.6809 109 0.6809 111 0.6809 119 0.6626 120 0.6626
Nippon India Vision - Growth -0.15 -1.77 0.21 -0.25 0.51 88 0.6988 92 0.6988 99 0.6988 121 0.6600 121 0.6600
Sundaram Small Cap Fund - Reg - Growth -1.4 -17.63 1.21 -1.29 3.19 98 0.6882 103 0.6882 105 0.6882 122 0.6599 122 0.6599
IDFC Tax Advantage (ELSS) Fund - Reg - Growth -0.8 -9.13 -2.52 -0.96 -7.35 114 0.6584 114 0.6691 117 0.6691 123 0.6549 123 0.6549
HDFC Capital Builder Value Fund - Growth -0.69 -7.86 -1.42 -0.83 -4.66 125 0.6381 122 0.6490 122 0.6490 124 0.6544 124 0.6544
L&T Infrastructure Fund - Reg - Growth -1.19 -15.91 -0.88 -1.26 -7.43 91 0.6979 94 0.6979 102 0.6979 125 0.6467 125 0.6467
Nippon India Multi Cap Fund - Growth -0.62 -7.22 -0.8 -0.93 -3.3 132 0.6092 132 0.6092 133 0.6092 126 0.6455 126 0.6455
Nippon India Tax Saver (ELSS) Fund - Growth -1.31 -16.86 -2.6 -1.27 -14.67 77 0.7117 80 0.7117 89 0.7117 127 0.6343 127 0.6343
UTI Infrastructure Fund - Growth -0.72 -7.72 -0.03 -0.96 1.96 137 0.5677 137 0.5796 137 0.5796 128 0.6238 128 0.6238
SBI Consumption Opportunities Fund - Growth -0.49 -4.83 -0.55 -0.74 -2.39 138 0.5276 138 0.5290 138 0.5290 129 0.6223 129 0.6223
SBI Banking & Financial Services Fund - Reg - Growth 0.22 3.65 -1.02 0.36 -2.36 59 0.7323 65 0.7323 74 0.7323 130 0.6177 130 0.6177
Nippon India Power & Infra Fund - Growth -1.29 -14.24 -1.9 -1.32 -7.27 131 0.6109 129 0.6252 131 0.6252 131 0.6168 131 0.6168
HDFC Small Cap Fund - Growth -0.3 -3.53 -0.9 -0.41 -2.73 41 0.7541 46 0.7541 57 0.7541 132 0.6161 132 0.6161
DSP World Gold Fund - Reg - Growth 0.43 6.43 -0.32 1.48 -6.87 139 0.4899 139 0.4899 139 0.4899 133 0.6089 133 0.6089
ICICI Prudential Infrastructure Fund - Growth -0.85 -10.16 -0.57 -0.95 -2.98 135 0.5894 135 0.5923 136 0.5923 134 0.6072 134 0.6072
ICICI Prudential Smallcap Fund - Ret - Growth -0.5 -6.31 1.39 -0.96 5.2 133 0.6043 133 0.6043 135 0.6043 135 0.5943 135 0.5943
DSP India Tiger Fund - Reg - Growth -0.78 -10.73 -1.22 -0.96 -9.62 128 0.6259 128 0.6259 130 0.6259 136 0.5863 136 0.5863
ICICI Prudential Banking and Financial Services Fund - Retail - Growth -0.25 -4.17 -4.3 -0.34 -10.68 124 0.6394 126 0.6394 127 0.6394 137 0.5401 137 0.5401
Aditya Birla Sun Life Banking and Financial Services Fund - Reg - Growth -0.33 -5.72 -3.35 -0.47 -11.7 127 0.6353 127 0.6353 128 0.6353 138 0.5322 138 0.5322
Nippon India Banking Fund - Growth -0.41 -7.47 -2.7 -0.49 -7.36 117 0.6541 121 0.6541 121 0.6541 139 0.5275 139 0.5275
3 Inputs 4 Inputs 6 Inputs IR_4 Inputs IR 5 Inputs
